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1. Introduction

This paper investigates the economic consequences of a differ-
ence in the planning horizon of an institutional investor pursuing
long-term investment strategies and a regulator enforcing pruden-
tial standards and practices on a repeated short-term basis. Such a
misalignment of horizons is likely to exist in most developed finan-
cial markets and affect, for example, banks, insurance companies,
and, notably, pension funds.

Consider, for example, a pension fund which typically faces
long-term pension liabilities with maturities of 15 years or more.
However, standard regulatory frameworks impose short-term
solvency constraints. A recent example can be observed in the
Netherlands where a pension regulatory regime (“Financieel Toetsings
Kader”, FTK) is effective as of January 2007. According to the Dutch
regulation, pension funds should always keep the probability of
underfunding 1 year ahead below 2.5%. Underfunding refers to
the situation where the market value of a pension fund’s assets
falls below the market value of the pension fund’s liabilities. In
the Netherlands these liabilities are, for now, taken as nominally
guaranteed pensions. This will likely change in the near future
where pensions are no longer considered to contain guaranteed
minimal payments. Other examples of such a misalignment
include Basel II regulation for banks and the newly proposed
Solvency Il regulation for insurance companies.
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The existence of such funding constraints can be understood in
light of the recent experience of a simultaneous decrease in pen-
sion assets due to a poor stock market performance and an increase
in pension liabilities due to low interest rates. For the UK, KPMG
estimated the aggregate funding deficit of the FTSE-100 companies
reaches GBP 40 billion at the end of 2008. De Nederlandsche Bank
(the Dutch regulator) reports that the average Dutch pension fund-
ing ratio dropped from 144% in 2007 to 99% in the third quarter of
2010. Of all Dutch pension funds, around 68% has a funding ratio
below 105%. The situation in the US is even more alarming. The
funding deficit in America’s corporate pension funds is estimated
to be USD 350 billion (Jergensen, 2007).

A Value-at-Risk-type (hereafter, VaR-type) constraint aims to
limit the probability that the institutional investor generates a
portfolio wealth loss and an Expected Shortfall-type constraint
aims to control the expected loss given default. Despite the theo-
retical shortcomings (c.f., Artzner et al, 1999, concerning the
VaR-type constraint), both types of regulatory constraints are
widely adopted within the current international regulatory re-
gimes, e.g., Basel I and Solvency II

This paper compares the optimal portfolio wealth and the eco-
nomic costs of dynamically imposed regulation when the regula-
tory horizon is as long as the investment horizon and when the
regulatory horizon is shorter than the investment horizon. In the
latter case, within the investor’s investment horizon, there are a
number of subsequent and non-overlapping regulatory checks
and the investment horizon is divided into a few equal-length
sub-periods. In general, the investor has to insure his portfolio
against the bad performance of the financial market to guarantee
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that (1) the current period’s regulatory constraint is satisfied and
(2) there is enough wealth to fulfill next periods’ regulatory con-
straints. To do so, the investor has to hold more risk-free assets
and less risky assets, thus, his ability to profit from favorable finan-
cial market performance is limited. The economic costs are mea-
sured by the equivalent amount of wealth lost due to the
regulatory constraints.

We show that, for both types of regulatory constraints, a short
regulatory horizon can prevent portfolio wealth loss very effec-
tively but at the same time also introduces a large opportunity cost
by limiting the investor’s ability to invest in risky assets and profit
from favorable stock market performance. We also reconfirm the
well-known result (see below) that, when the regulatory horizon
is as long as the investment horizon, different types of regulation
result in a very different optimal portfolio wealth and investment
strategy. However, when the regulatory horizon is actually shorter
than the investment horizon and regulation is enforced repeatedly,
both types of regulatory constraints lead to very similar portfolio
wealth distributions and economic cost due to the fact that both
types of regulation require the institutional investor to hold en-
ough wealth to satisfy future regulatory constraints. It is important
to note that, for insurance companies, regulation aims at minimiz-
ing the risk of (partial) default while obviously the induced costs
are borne by the management and/or shareholders.

The strategic asset allocation problem has been studied exten-
sively. For example, Kim and Omberg (1996) and Wachter (2002)
study the optimal portfolio allocation where the price of risk is
mean-reverting. Bajeux-Besnainou et al. (2003) and Serensen
(1999) solve the optimal investment problem when interest rates
are stochastic. This paper is related to the literature studying the
optimal portfolio trading strategy under constraints. Grossman
and Vila (1992) provide explicit solutions to optimal portfolio
problems containing leverage and minimum portfolio return con-
straints. Basak (1995) and Grossman and Zhou (1995) focus on
the impact of a specific VaR constraint, the portfolio insurance,’
on asset price dynamics in a general equilibrium model. Van Bins-
bergen and Brandt (2009) assess the influence of ex ante (preven-
tive) and ex post (punitive) risk constraints on dynamic portfolio
trading strategies. Ex ante risk constraints include, among others,
VaR and short sell constraints. Ex post risk constraints include the
loss of the investment manager’s personal compensation and reputa-
tion when the portfolio wealth turns out to be low. They found that
ex ante risk constraints tend to decrease gains from dynamic invest-
ment while ex post risk constraints can be welfare improving.

Basak and Shapiro (2001) compare the impact of VaR-type and
Expected Shortfall-type regulation on the institutional investors’
portfolio wealth and trading strategies. Their results show that
these two types of regulatory constraints lead to different portfolio
wealth distributions. The VaR constraint keeps the portfolio value
above or at the threshold value, e.g., the value of a pension fund’s
liability, when the investment environment (state of the world) is
favorable but generates a sizeable loss in unfavorable states of the
world. The favorable (unfavorable) states are the ones in which it is
cheap (expensive) for the investor to raise his portfolio wealth to
the level of the threshold value. Thus, ironically, the loss under a
VaR constraint is even larger than the one without a VaR constraint
in unfavorable states. The unfavorable states of the world occur
with probability «. This probability is set by the regulator. The
explanation is as follows. The VaR constrained investor is only con-
cerned about the probability but neither the magnitude of the loss,
nor in which (cheap or expensive) states this loss occurs. Therefore,
it is optimal for him to incur losses in unfavorable states where it is

! Portfolio insurance is a special case of a VaR constraint, which requires the
probability that the portfolio wealth falls below a certain threshold value to be zero.

most expensive to raise his portfolio wealth. An Expected Shortfall-
type constraint, on the contrary, limits the expected magnitude of
a loss given default, and thus, does not allow an institutional inves-
tor under regulation to incur excessive loss in all market
circumstances.

In Basak and Shapiro (2001), the regulatory horizon equals the
investment horizon and interest rates are deterministic. We extend
the Basak and Shapiro (2001) setting by embedding a number of
subsequent and non-overlapping short-term regulatory con-
straints in the portfolio optimization problem and allowing for a
stochastic interest rate. We show that (1) more frequent regulation
can prevent the investor from generating losses in unfavorable
states due to the fact that there is a minimum amount of portfolio
wealth required to fulfill future regulatory constraints and (2) both
types of regulation result in a similar portfolio wealth distribution
and economic costs if the regulatory constraint is imposed
repeatedly.

Cuoco et al. (2008) consider the optimal trading strategy of
institutional investors under short-horizon VaR constraints assum-
ing that the portfolio allocation over the VaR horizon is constant
and the interest rate is deterministic. We extend Cuoco et al.
(2008) by allowing for optimal and time-varying portfolio alloca-
tions over the regulatory horizon, having a stochastic interest rate
and analyzing the impacts of imposing Expected Shortfall-type
regulatory constraints. The extensions enables us to (1) quantify
the costs and benefits of both VaR-type and Expected Shortfall-
type regulatory constraints given that institutional investors be-
have optimally, (2) study the hedge strategies of investors under
both types of constraints and (3) investigate the difference of
imposing these two types of constraints.

This paper is also related to the literature about dynamic trad-
ing strategies of pension funds. Sundaresan and Zapatero (1997)
consider an optimal asset allocation with a power utility function
in final surplus. Boulier et al. (1995) assume a constant investment
opportunity set with a risky and a risk-free asset. In their paper, the
pension plan sponsor aims to minimize the expected discounted
value of future contributions over a given horizon. Inkmann and
Blake (2011) propose a new approach to the valuation of pension
obligations taking into account the asset allocation strategy and
the underfunding risk of a pension fund. This paper focuses on
the optimal portfolio wealth of a pension fund when the regulatory
horizon is shorter than its investment horizon and evaluates the
economic costs of such a regulation. Advantages of having frequent
short-term VaR or Expected Shortfall constraints include, among
others, smaller expected portfolio wealth losses.

The rest of this paper is organized as follows. Section 2 describes
the investment environment our institutional investor operates in.
Subsequently, Section 3 introduces the various regulatory con-
straints and studies the optimal portfolio wealth and trading strat-
egies under a single-regulatory constraint and multiple regulatory
constraints respectively. Section 4 discusses the costs of imposing
15 short-term regulatory constraints. Section 5 concludes.

2. The investment environment

We consider a stochastically complete continuous-time finan-
cial market with a finite horizon [0, T]. In this market, four assets
are available: a zero-coupon bond maturing at time T, a cash ac-
count, a stock index, and a constant maturity zero-coupon bond
fund with maturity M. The stock index (with reinvested dividends)
is assumed to follow:

dS; = (re + ®s)S; dt + 0S¢ dZs., M

where r,; denotes the short-term interest rate, ®s is the stock risk
premium, os is the instantaneous stock price volatility and Zgs; is a
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standard Brownian motion. For the short-term interest rate r,, we
impose a Vasicek process:

dry = k(r — ry)dt — 0,dZ,, (2)

where k determines the mean-reversion speed of the interest rate
towards the long-term average value 7. Furthermore, o, is the
instantaneous volatility of the interest rate and Z,., is a standard
Brownian motion. The two Brownian motions Z,; and Zs, may be
correlated and we denote their correlation coefficient by ps,. Vas-
icek (1977) derives the induced no-arbitrage price of a zero-coupon
bond at time t with T — t years to maturity and unit face value as

P{~" = exp(-A(T - t) - B(T - t)ry), >

where

t)] +°iB(T —t)?

A(T =€) = R.[(T— ) = BT - 0] + 4

. @ g?
R =T+~ 302

B(T — €)= [1 - exp(~(T — )] /k,

with @, a free parameter capturing the interest rate risk premium.
Applying the It6-Doeblin lemma to (3), we find for the dynamics of
the zero-coupon bond price

dpfrit @.B(T d B(T dz 4

Wﬂrw B(T — t)]dt + 6,B(T — t)dZ,,. (4)
In this stochastic interest rate model, if the zero coupon bond
maturing at time T is the only bond available for investment, this
bond has two tasks. First, it serves to achieve the optimal interest
rate risk exposure for speculative purposes. Secondly, it can be used
to hedge interest rate risk as it is a risk-free asset over the invest-
ment horizon. To uncouple these two functions we also consider a
bond fund implementing a constant M-year to maturity (see Ba-
jeux-Besnainou et al., 2003). The price dynamics of such a fund
are given by

dp
U= [re + &,B(M))dt + 6,B(M)dZ,,. (5)
t

All our bonds are assumed to be free of default risk.

It is well-known that, following the martingale method for opti-
mal investment, the pricing kernel plays a crucial role in describing
optimal investment strategies. For the market introduced, Merton
(1992) shows that the pricing kernel can be constructed as the in-
verse of the growth-optimum portfolio. It is well-known that,
when the interest rate follows the Vasicek process, the dynamics
of ¢, are given by

g, _

? = —rdt — ¢sdZs; + ¢,dZ,, (6)
t
where
(f) _ 0,Ps — pSrgprS
T oas(1-p3)
6 = 0, Dspg, — D05

6051 p3)

3. Optimal portfolio wealth and trading strategies

We consider the problem of an institutional investor who starts
with an endowment Wy and must dynamically select a portfolio
7 € IT so as to maximize the expected utility E[u(Wr)] of the termi-
nal value of the trading portfolio. We assume that the institutional

investor has a power utility function with constant relative risk
aversion (CRRA) parameter y and an investment horizon of T years.

The regulator imposes regulatory constraints, of either a VaR or
an Expected Shortfall type, on the institutional investor. The VaR-
type constraint aims to control the probability of having a portfolio
wealth loss and is defined as the probability that the portfolio
wealth at time t+ 7 falls below W should not be larger than «,
where « is usually a small number in the interval [0,1]. The VaR
constraint can be formulated as
Pri(Wee <W) <o, te[0,T],
where 1, 7 > 0, is the regulatory horizon, o € [0,1] and the “floor” W
is specified exogenously. For a pension fund, the “floor” is the value
of its liability at time ¢ + 7.

An Expected Shortfall-type constraint aims to limit the magni-
tude of portfolio wealth loss. This paper considers two Expected
Shortfall-type constraints, namely, the Expected Discounted Short-
fall constraint (EDS) and the Expected Shortfall constraint (ES). The
difference between an EDS constraint and an ES constraint lies in
whether the expected portfolio wealth shortfall is discounted with
the pricing kernel {, or not. An EDS constraint can be stated as that
the expected discounted portfolio wealth shortfall at time t cannot
be larger than €gps, that is,

1
E; ZCH»T(W —Weo) Tw,.c<w | < €ps. (7)
t

The ES constraint can be stated as that the expected portfolio
wealth shortfall at time t cannot be larger than €gs, that is,

E((W — Weio) Tw,,.<w] < €ss. (8)

Here both €gps and €gs are small numbers, say, 1% of the initial
wealth.

In the single-constraint models, the horizon of the regulatory
constraint T equals the investment horizon. In the two-constraint
models, the regulatory constraint horizon 7 is half as long as the
investment horizon and there are two subsequent and non-over-
lapping regulatory constraints in the investment horizon. In the
more general multi-constraint models, say m constraints (m > 2),
there are m non-overlapping regulatory constraints and each of
these constraints has a horizon of T/m.

3.1. Single-constraint models

In this subsection, we will compare the optimal portfolio choice
and portfolio wealth distribution under a single-VaR constraint, a
single-EDS constraint and a single-ES constraint respectively.

3.1.1. Investment problem in the single-constraint models
The investment problem under a single-regulatory constraint is

1-y
T

mEx EBorly ©

s.t. Eo{{sWr} < {Wo (10)
Pro{Wr < W} <«

when a single-VaR constraint is imposed. Alternatively, when a sin-

gle-EDS constraint is imposed, the regulatory constraint (11) is

replaced by

1
Eo a(r(w - Wr) Iw,<w | < €gps. (11a)
Finally, when a single-ES constraint is imposed, we have
Eo[(W — Wr) Tw,<w] < €s. (11b)

Basak and Shapiro (2001) solves the optimal portfolio wealth
under a single-VaR constraint, a single-EDS constraint, and a sin-
gle-ES constraint when the interest rate is constant. In their paper,
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the optimal portfolio wealth is obtained by pointwise maximiza-
tion. Therefore, their method can be applied here even though
the interest rate in this model follows a Vasicek process. For the
single-VaR-constraint problem (indicated by 1VaR), the optimal
wealth at time T W} is

(yg)VaRCT>*1/"/ for ¢ < ‘Q’IVIIR
W;_VaR — w fOF g}_VaR < CT < Z%_VLIR7 (12)

(yg)VaRCT>*1/”/ for &7 > Z_eraR’

where ylVeR is the Lagrange multiplier of the budget constraint, the
lower bound {}¥® is defined by (y 1V“R§}V“R)’1/V = W and the upper
bound (V4R by Pro ({ > (J¥AR) = o This means that, conditional on
the information available at time 0, the probability that {r will be
larger than {}Va® equals the VaR level «. When the VaR constraint

is actually not binding, we have (}V&® > IV and, obviously,

Wik — Wi, where WY represents the optimal portfolio wealth
without any regulatory constraints and the superindex u indicates
that the optimization is not constrained other than through
the budget constraint. Basak and Shapiro (2001) show that W;"*
equals the sum of the unconstrained portfolio wealth (y},V”Rg“T)’” !
and a “corridor” option from which the investor will get
w— (y(l)VaRgvT)’l/V when ClVaR o< VquR holds
otherwise.

The optimal portfolio wealth, at time T, under a single-EDS con-
straint, Wi, is

and nothing

(VDS L) )
wies — | w
[(y(l)EDS _ ylEDS>LT] -+

where the superindex 1EDS denotes a single-EDS constraint, the
lower and upper bounds, {95 and (1P, are defined as

for CT < gV]EDS
fOI' 1EDS < g < €1EDS (13)

for &r > G,

_
s _ W77
ST = JEDs
Yo
eps W7
T = J1EDs _ y1EDS’
yo _y1

respectively. Here ylE’S and ylfPS are two Lagrange multipliers
which solve the budget constraint and the EDS constraint (11a)
respectively.

The optimal portfolio wealth, at time T, under a single-ES con-
straint is

v fora < g,
Wit = W for {155 < ¢ < 115, (14)
( lESC 1ES) ¥ for CT > é’]]_ES./

where yl¥ and yiES are two Lagrange multipliers which solve the
budget constraint and the ES constraint (11b) respectively. The low-
er bound IS is defined as

a° =71 (15)

and the upper bound (}*S as

~ W7+ yuss

Q%Es = 1ES ! (16)
Yo

Under both a single-EDS constraint and a single-ES constraint, the

unfavorable states ({r > J1FPS or {; > {}¥) are classified according

to, among others, the risk aversion of the investor y and the initial

wealth of the investor Wy, while in a single-VaR-constraint model,
the unfavorable states ({; > {}V*R) are classified exogenously.

Let t stand for any prehorizon time. The portfolio wealth before
time T is the expected discounted final portfolio wealth, i.e.,
W€ = (7 'E WX, where ¢ stands for VaR, EDS, or ES respectively.
Applying the It6-Doeblin lemma to W}¢, we can obtain the optimal
portfolio allocation. Let 7{¢, nPM, and n},f,, stand for the percentages

of portfolio wealth, at time ¢, invested in the stock index, the con-
stant-maturity bond fund and the zero-coupon bond with maturity
T, respectively. The percentage of portfolio wealth invested in the

cash account is the remainder, 1 — 7i¢ — n}f n“; .. The optimal

portfolio allocation under a single-VaR constraint is

i 1 % 1 0
1c 1
nl’fw = §stfec.t - {,rﬁ—(’,‘,,) + <1 ))>Xhedget 01, (17)
T, 0 1
Pt
where
dch C
1 t .
Xs;fect dé’tt W:VaR YV (18)
1c
Xhedget th ! (1 9)

dre WB(T—t)(1-1/y)

In the single-VaR constraint case and the single-EDS constraint case,
X Xhoiae 1 Xy and X35 - can be derived analytically and the
exact forms are provided in Appendix A. In the single-ES constraint
case, since there are no analytical solutions to W]¥, neither
dW;®/d¢, nor dW,® /dr, can be derived analytically. Thus, in our

numerical implementation, they are approximated as follows:

1ES 1ES
dW[ W LA T
di; 2 x A ’
1ES 1ES 1ES
dW[ Wt Te+AT Wt re—Are

dr, 2 x Ar, '

where W%, . (W}Ef AL ) refers to the portfolio wealth at time ¢ in

the single-ES-constraint model when the pricing kernel takes the
value {;+ A ({ — A{) while other values are keep unchanged

and W5 (WlES Arr) refers to the portfolio wealth at time t in

tre+Are t.re
the single-ES-constraint model when the interest rate takes the va-
lue of ry+ Ar, (r: — Ary) while other parameter values are kept
constant.

The optimal portfolio allocation with a single-VaR constraint, a
single-EDS constraint, or a single-ES constraint, consists of a spec-
ulative fund and a hedge fund. The speculative fund consists of the
stock index and the constant-maturity bond fund. The hedge fund
consists only of the bond with T — t years to maturity. For an inves-
tor with log utility (y = 1), the hedge term vanishes. As the investor
becomes more and more risk-averse () — oo), the speculative
fund’s weight tends to 0%. Note that the optimal portfolio weights
without any regulatory constraints are

7'5:5’[ g—ls ¢S 1 0
T _
pM —5 —#Mgbr +<1—§> 0]. (20)
TCPT ¢ 0 1
Therefore,
1c
1c n;‘c . TEPV
Xspec,t - ngt - ﬂ,‘im ) (21)

represents the exposure to the risky assets (i.e., the speculative
fund) relative to the case without any regulatory constraints and
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1c
T
1c _ P
Xhedge.t - P (22)
pr-t
t

represents the exposure to the riskless asset (i.e., the hedge fund)
relative to the case without any regulatory constraints. When

1c 1c
Xspec,t <X

hedge,t> takes a value of 1, the exposures to the speculative

(hedge) fund with and without a single-regulatory constraint are
the same. When X!¢

spect (x,‘,gdge‘t) takes a value which is larger than
1, the exposure to the speculative (hedge) fund with a single-regu-

latory constraint is larger than the one without any regulatory con-
straints. When X'

spec.t
the exposure to the speculative (hedge) fund with a single-regula-
tory constraint is smaller than the one without any regulatory
constraints.

( }lf,dge_’t) takes a value which is smaller than 1,

3.1.2. Comparison of optimal portfolio wealth and allocation under a
single regulatory constraint

Fig. 1 shows the optimal wealth levels, subject to a single-regu-
latory-constraint at the investment horizon T, as a function of the
prevailing value of the pricing kernel. These optimal wealth levels
have been determined analytically using the results in Section
3.1.1. As these results closely follow Basak and Shapiro (2001),
we only discuss them briefly. Observe that all optimal wealth lev-
els are decreasing functions of the pricing kernel. This is a result of
the assumed state-independent utility functions. Furthermore,
note that various constraints effectively redistribute wealth across
the various states of the world.

In order to make the Value-at-Risk constraint comparable to the
Expected Shortfall and Expected Discounted Shortfall constraints,
we put &g equal to the induced Expected Shortfall of the optimal
wealth subject to the VaR constraint, that is,

Eps — EO{(m - W;"“R) Ty < w}. (23)

Similarly, we put &gps equal to the induced Expected Discounted
Shortfall of W',

Optimal Portfolio Wealth at Time T in the Single-Regulatory -
Constraint Models
1.40

—— Unconstrained
1VaR 1.20
1EDS

- - 1ES 1.00

0.80 Pricing
Kernel
Density

0.60

0.5 0.00
0.1030507091.113151.71921232527293.133353.739

&r

Fig. 1. This figure depicts the portfolio wealth at time T in the single-regulatory-
constraint models. The parameter values are Wp=1.04, x=0.15 7 =0.05,
g, =0.015, the bond Sharpe ratio /p=0.05, the maturity of the bond fund
M =10 years, os=0.25, the stock Sharpe ratio /s =0.25, ps, = 0.2, W= 1.05, 1o = 2%,
y=2, o=0.025. gs is set equal to the induced Expected Shortfall of the optimal
wealth subject to the VaR constraint. gps is set equal to the induced Expected
Discounted Shortfall of W;'*®, The vertical axis on the left (right) side measures
the portfolio wealth at time T (pricing kernel density). At time O, there is
2.5% probability that the pricing kernel value at time T, {1, will be larger than
about 1.78.

From Fig. 1 we see that the optimal wealth for the various con-
straints imposed is actually quite different. For the VaR constraint,
there is no punishment on the severity of the loss once it occurs. As
a result, it is optimal to accept large losses in bad states of the
world, that is, when {7 is large. Both Expected Shortfall and Ex-
pected Discounted Shortfall constraints do weigh the size of the
loss, leading to less severe losses in bad states. As EDS puts more
weight on the very bad scenarios, the optimal wealth under the
EDS constraint, for bad states of the world, is largest.

Fig. 2 depicts the pre-horizon exposures to the risky assets (i.e.,
the speculative fund) and the riskless asset (i.e., the hedge fund)
relative to the ones in the unconstrained model for these three reg-
ulatory constraints when the interest rate is fixed at 4%. Let us first
investigate the relative portfolio weights in a single-VaR-constraint

model X}« and X, . The larger the values of X\ and X}/6%
deviate from 1 the larger the difference in portfolio weights with
a single-VaR constraint and without any regulatory constraints.
When the market is booming, the portfolio choices with and with-
out a VaR constraint is the same. As the market deteriorates, the

relative exposure to the risky (riskless) assets first decreases (in-
creases) and then increases (decreases). The decrease in X!"F is

spec,t

caused by the desire to make sure that the portfolio wealth at time
T is at or above the wealth lower-bound (W). The following in-

crease (decrease) in X{y; is a moral hazard behavior or a “gam-
bling” behavior. The ‘“gambling” behavior occurs when the
market condition at time T/2 is bad but it is still likely that the mar-
ket might end up in “good” or “intermediate” states at time T

where the VaR constraint is binding. The idea behind increasing

(decreasing) in X} <X;Z§§e‘t) is to bring the portfolio wealth to

the level of W when the market at time T turns out to be “good”.
However, when the market at time T turns out to be “bad”, this
strategy will bring a large portfolio wealth loss but this is not a
concern for an investor under a single-VaR constraint since the
VaR constraint does not punish the severity of a loss. On the con-
trary, as shown in Fig. 2, an institutional investor under the Ex-
pected Discounted Shortfall constraint does not have the
incentive to “gamble”, because the Expected Discounted Shortfall
constraint imposes a heavy punishment on a loss. Therefore, the
existence of the “gambling” behavior is the major difference be-
tween the optimal portfolio weights under a VaR constraint and

Relative Portfolio Weights at time T/2 (Single-Constraint Models)
1.80

— Unconstrained
IVAR _spec

«eet IVAR hedge

1.6 - IEDS_spec 1.60

1.40

1.20

Xeoos 1.00 Pricing
X.spec | e —— o ——————— Kernel
hedge 0.80 Density
0.8 PR
Ciahuil 0.60
06 0.40
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Fig. 2. This figure shows the optimal portfolio allocation at time t=T/2 under
single-regulatory constraints. In this figure, the interest rate at time t is fixed at 4%.
The parameter values are Wy = 1.04, k = 0.15, 7 = 0.05, o, = 0.015, the bond Sharpe
ratio /p=0.05, the maturity of the bond fund M= 10years, os=0.25, the stock
Sharpe ratio s =0.25, ps,=0.2, W=1.05, ro = 2%, y = 2, o = 0.025. & is set equal to
the induced Expected Shortfall of the optimal wealth subject to the VaR constraint.
&eps is set equal to the induced Expected Discounted Shortfall of W;'*R,
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Fig. 3. This figure shows the optimal portfolio allocation at time t = T/2 under single-regulatory constraints with different interest rates. The parameter values are W = 1.04,
Kk =0.15,7=0.05, g, =0.015, the bond Sharpe ratio /»=0.05, the maturity of the bond fund M =10 years, gs=0.25, the stock Sharpe Ratio Zs=0.25, ps,=0.2, W=1.05,
ro=2%, 7=2, o.=0.025. ¢ is set equal to the induced Expected Shortfall of the optimal wealth subject to the VaR constraint. ¢gps is set equal to the induced Expected

Discounted Shortfall of W%,

under an Expected Discounted Shortfall constraint. An Expected
Shortfall constraint punishes a portfolio wealth loss less severe
than an Expected Discounted Shortfall constraint. Consequently,
the investor under an ES constraint still has an incentive to “gam-
ble”. The incentive is, naturally, much weaker than the one under a
VaR-type constraint.?

Fig. 3 compares the portfolio weights for different levels of pre-
vailing interest rate at time T/2. In general, a higher interest rate is
related to a higher yield on the default-risk-free zero-coupon bond
which makes the regulatory constraints easier to be fulfilled. For
example, consider a single-VaR-constraint model, when the inter-
est rate is 2% and the value of the pricing kernel is about 1.2, the
investor considers to increase his allocation to the risky assets to
finance his portfolio wealth at time T to the level of W. However,
when the interest rate is 10% and the value of the pricing kernel
is 1.2, the investor will not consider to increase his allocation to
the risky assets since the high yield from the riskless bond is suffi-
cient to finance his portfolio wealth at time T to the level of W.

3.2. Optimal investment under multiple regulatory constraints
3.2.1. Two-VaR-constraint model

The optimal portfolio wealth under two repeated VaR con-
straints, W2 is the solution to the investment problem

1-y
T
max Bog
s.t.  EoWrlr = (W, (24)

Pro(Wy < W) <,
Pr%(WT <W) <o

2 The relative portfolio weights under a single ES constraint, X;pEeSC_T/Z and x},fjge_m,

converge to 1 at a very large value of (7). Since the chance that such a large value of
{rj2 occur is small, therefore, it is not shown in Fig. 2.

We are going to use a backward iterative solution procedure to
solve (24). First, we solve the maximization problem in the second
period, that is, [T/2,T]. This second period problem is identical to
the single-constraint model. We assume that, at time T/2, the
investor starts with wealth Wyp,. Following the same solution
method as the one in the single-constraint model, we find the
optimal wealth at time T, W2 and the indirect utility function
at time T/2 J75%(Wr)). Second, we solve the maximization
problem in the first period, that is, [0,T/2]. One of the differences
between the maximization problem in the second and first
period is that in the second period, the objective function is
maxEr,W;7/(1—y) while in the first period the objective
function is the indirect utility of the problem, namely, max
EQ]%‘/’QR(WW). The superindex 2VaR represents two repeated
VaR constraints. The value function, or the indirect utility, is
defined as

1-y

w
]%‘//SR (WT/27rT/2) = max Er/ 1 I’/ . (25)

{WrEr o {rWr}<lrgWrpp Prrjp (Wr<W)<a}

We now discuss the maximization problem for the first period

in more details. The optimal trading strategy in the period from
time O to time T/2 is a solution to the problem

max  Eoff"(Wy), (26)
st EoWily = (oW, 27)
Pro(Wy < W) <2, (28)
Pro <W% < W2YHR) =0, (29)

where W25 . is the minimal portfolio wealth required to fulfill the

next period’s VaR constraint. The minimum wealth needed at time T
to fulfill the VaR constraint in the second period is
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W2VaR _ W if &< Z%VaR
T.min — o - k]

min 0 lf = C%VGR
i.e., keeping the portfolio wealth at time T at the level of W in the
“good” and “intermediate” states and leaves the portfolio wealth
at almost 0 in the “bad” states. Therefore, the minimum wealth at
time T/2, W75, ., equals the present value of the minimum wealth
at time T, that is,

1
2VaR .
Lmin = gfgwé.r ]I;T<g%vm. (30)

If the wealth at time T/2 is smaller than W75} ;.. it is not possible to

fulfill the VaR constraint in the second period.
The Lagrangian for the constrained optimization problem (26) is
given by
L2V (W%,Cg, Tg) =Ep [ gvme (Wg) Ve R GWr+yY R 1w,
+Y3 R Wo -y (1),
(31)

where y3VaR y2VaR and y2VaR are Lagrange multipliers solving the
budget constraint (27), the VaR constraint (28) and the minimum
wealth constraint (29) respectively, with y3"f > 0, y?Y*® > 0 and
Y3V = 0. Since the last two terms of (31) are constants, finding a
W35 which maximizes the value of (31) is equivalent to finding
a portfolio wealth which maximizes the value of the function within
Eo[-] in (31).

Due to the complexity of the function J7/5%(Wr,rr)2), it is not
possible to analytically derive the first order derivative of
J3)5R (W 2) with respect to the wealth Wry,. Therefore, a numerical
method using a pointwise optimization is adopted to find the opti-
mal portfolio wealth at time T/2, W75*. That is, for each pair of
interest rate at time T/2 and the pricing kernel value at time T/2,
the optimal portfolio wealth is the one which maximizes the func-
tion L2Y%®"(Wr2, {12, T172).

The numerical procedures to find the optimal portfolio wealth
W3S are as follows. First, we simulate N scenarios of interest rates,
T'rj2» and pricing kernel values at time T/2, {75 withi=1,2,...,N.
Second, we create a vector with N’ different portfolio wealth in a
very broad range, Wry,; with j=1,2,...,N. Third, since the indirect
utility (25) depends on both the interest rate at time T/2 and the
portfolio wealth at time T/2, for each interest rate ryj,;, we evaluate
the value of]%ng(rT/z‘,-, Wr)p) for all W, ;s.> Fourth, for each sce-
nario of interest rate and pricing kernel value, i.e., rrj2,; and (7y; with
i=1,2,...,N, we evaluate the function value 1.2"®(Wr 55, {124, Tr/2)s
for all W’mjs with j=1,2,...,N. Finally, for each pair of rp; and
{rj2,» the optimal portfolio wealth is the one which maximizes the
value of 1.2k (),

At time t, 0 < t < T/2, the optimal portfolio allocation is

ngVaR ¢
t GS 1
2VaR 1 ovar 2VaR
TCP{” = &Xspec.t - #EW +|1- ? hedge,t 0 ) (32)
mrer 0
t

where the portfolio wealth at time t, W2, is

3 To speed up the numerical process, we could first evaluate the indirect utility
function value Jr,(-) for a small sample of interest rates. For each given portfolio
wealth the value function value is almost linearly increasing with interest rates. This
relationship enable us to evaluate the function value Jy2(ry2,:, Wry2,) for i € [1,N] by
interpolation.

1

W?Vak _ —Er<§1W%VHR>, (33)
Ct 2 2

X2ak and X;/i - again measure the risk exposures relative to the

ones without regulatory constraints and

B dW?VGR é’t

2VaR
Xsp:c.t = d;, WYaRz Vs (34)
WZVGR 1
xew Wi (35)

dre - w2Rp(r —(1-1)

Since the two first order derivatives dW>"* /d¢, and dW?"** /dr, can-
not be derived analytically, X2i and Xp4% , are approximated as
before.

3.2.2. Two-EDS-constraint and two-ES-constraint models

The optimization problems under two repeated EDS constraints
and ES constraints can also be solved with a similar backward
induction procedure, except at time T/2 the minimum wealth is
Wi hin if two repeated EDS constraints are imposed, where

1

2EDS 3

W12 min = EEQTWU'&@%”’S +E

1 2Eps _ 2eDs ]
X U ir [(yo.r/z - Y1.T/2> Q,T} Ty s

I +10? /
_ wehnzT.rW 29T €EDS, (36)

and W%f;min if two repeated ES constraints are imposed, where

1
2ES P
Wiamin = E-—GWI s +E
Cr2 T
1 2ES 2ES -4
X EQT (yo,T/ZCT _y1_'r/2) HQT>C%ES. (37)

In both equations above, y37% and y3, solve the second period’s
budget constraints in the EDS model and the ES model respectively
and yi%3 and yi%), solves the second period’s EDS constraint and ES
constraint respectively. The superindices 2EDS and 2ES stand for
two repeated EDS constraints and ES constraints respectively.

The method to derive optimal portfolio choices under EDS or ES
constraints is the same as the one under VaR constraints. At time ¢,
0 < t < T/2, the optimal portfolio allocation is

Tcg[e 1 % 1 0

2c
RP?,, = axzzgec.t - a,g;(rl\/l) + <1 - ?)Xi:’dge.t 0], (38)
T, 0 1

where c stands for the EDS, or ES constraint. The relative risk expo-

sures XZs,., and Xpc.., are given as
dWZc C
2 t
Xs;ec.t = d(f ch 12 (39)
dw;* 1
Xe o =——t ) 40
hedge,t dr[ W?CB(T B t) (] B %> ( )

Finally, W2 is the portfolio wealth at time T/2, and again

P

W = lEt(g%W?).

3.2.3. Comparison of optimal portfolio wealth distributions and
allocations under two-repeated-constraint models

When the regulatory constraint is as long as the investment
horizon (i.e., the single-constraint models), Fig. 1 shows that the
three regulatory constraints lead to significantly different final
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wealth levels. However, when these regulatory constraints are im-
posed repeatedly and when the regulatory horizon is significantly
shorter than the investment horizon, the differences in portfolio
wealth disappears. Fig. 4 compares the portfolio wealth at time
T/2 under two repeated VaR constraints, EDS constraints and ES
constraints when the interest rate is 4%. Observe that all three
types of regulatory constraints are able to prevent large portfolio
wealth losses when the financial market is unfavorable. These re-
sults stem from the necessity to hold the portfolio wealth above
the minimum portfolio wealth level to fulfill the second period’s
regulatory constraint. Only in the “intermediate” states, the portfo-
lio wealth under two repeated VaR constraints is different from
others because of the requirement to keep the portfolio wealth at
or above W in 1 — « percent of cases.

Fig. 5 compares the portfolio wealth at time T/2 when the inter-
est rates are 2% and 10% respectively. We can conclude that (1) in
“good” states, the optimal portfolio wealth decreases as interest
rates increase, and (2) the minimum wealth at time
T/2 (W%‘/’Z”fmn, Wifg’;m,w%f;mm) decreases as the interest rate in-
creases. The latter occurs as a high interest rate leads to a high
zero-coupon bond yield and thus reduces the minimum amount
of wealth necessary to fulfill the next period’'s regulatory
constraint.

With respect to VaR-type constraints, the states in which the
investor keeps his portfolio wealth at W no longer depends only
on the pricing kernel values. For example, in Fig. 5, the investor un-
der two repeated VaR constraints chooses to keep his portfolio
wealth at W in the state where {;={; and r; = 2% while leave the
portfolio wealth at W75 . in the state where {;={, and r, = 10%
even though (; is larger than (® and (, is smaller than (}/5%.
The investor decides in which states he keeps his portfolio wealth
at W not only on the value of the pricing kernel but also on the
interest rates. For each state at time ¢, t € [0,T], the cost of raising
the portfolio wealth from the unconstrained portfolio wealth W}
to W equals ¢ (W — W}). At time T, as shown in Fig. 1, the uncon-
strained portfolio wealth W} monotonically decreases as {r in-
creases. Therefore, at time T, it is always cheaper to raise the
wealth level to W in states where {; < 2"k, While at time T/2,
the unconstraint portfolio wealth depends on both the pricing ker-
nel value and the interest rate. For any given value of (7, the
unconstrained portfolio wealth Wy, decreases when the interest

Optimal Portfolio Wealth at Time T/2 (Two-Regulatory-Constraint
35 Models) 1.80
—— Unconstrained
2VaR 1.60
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= =2ES
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Fig. 4. This figure compares the optimal portfolio wealth in the two-constraint
models at time T/2. The interest rate ryj; is 0.04. The parameter values are Wy = 1.04,
Kk =0.15,7 = 0.05, g, = 0.015, the bond Sharpe ratio Zp = 0.05, the maturity of the
bond fund M=10years, gs=0.25, the stock Sharpe ratio /s=0.25, ps-=0.2,
W=1.05, r0=2%, y =2, . =0.025, g5 =0.008 and &gps = 0.017.

rate increases. Thus, the cost of raising the portfolio wealth to W
in states with large pricing kernel value, i.e., {7, > (3/5% and low
interest rates might be cheaper than the one in states with small
pricing kernel values, i.e., {r;> < {7/s%, and high interest rates.

Optimal portfolio allocation under two repeated regulatory con-
straints is significantly different from the one under a single-regu-
latory constraint. Figs. 6-8 depict the pre-horizon relative portfolio
allocation under two repeated VaR, EDS and ES constraints respec-
tively when the interest rate ry3 is 4%. The pre-horizon relative
portfolio allocations under a single-VaR, a single-EDS, and a sin-
gle-ES constraint are also shown as a comparison. Generally speak-
ing, all two types of regulatory constraints force the investor to put
more weight on the hedge fund as the financial market perfor-
mance deteriorates. The difference between VaR-type constraints
and Expected Shortfall-type constraints still lies in the existence
of the incentive to gamble. At the time when the weight of the
speculative fund is increasing, however, unlike the investor under
a single-VaR constraint who decreases his holdings in the hedge
fund, the investor under two VaR constraints increases his holdings
in the hedge fund to compensate for the possible loss generated by
the speculative fund. By doing so, the investor under two VaR con-
straints guarantees that his portfolio wealth is large enough to ful-
fill next period’s VaR constraint in all circumstances.

3.2.4. Multi-constraint models

The analysis above can easily be extended to more than three
constraints. For example, if there are m subsequent and non-over-
lapping VaR constraints within the investment horizon, we start by
solving the optimal portfolio wealth in the last period and then
proceed backwards by repeating the numerical procedures devel-
oped for finding the first period’s optimal portfolio wealth in the
two-constraint model. As is to be expected from the previous re-
sults, the optimal portfolio wealth under the two types of regula-
tory constraints, when implemented dynamically, are very similar.

4. Certainty equivalent loss

In this section, we consider a pension fund with 15-year invest-
ment horizon as an example to analyze the cost and the benefit of
both the VaR-type and the Expected Shortfall-type prudential reg-
ulation. The regulatory horizon considered here is 1 year, meaning
that in the 15-year investment horizon, there are 15 non-overlap-
ping regulatory constraints.

To avoid agency conflicts between a pension fund’s participants
and the pension fund’s managers, regulatory constraints are
needed to protect the liabilities of participants. But in a country
like the Netherlands where Defined Benefit pension benefits are
linked to the pension fund’s portfolio returns, the costs of regula-
tion are, therefore, borne by all participants, with some more than
others.

The economic cost is measured by the certainty equivalent loss
ce relative to the unconstrained portfolio allocation problem. The
certainty equivalent loss ce is defined as the equivalent amount
of wealth lost due to the regulation, i.e.,

Jo(Wo — ce) = Jg" (Wo),

where J;(-) stands for the indirect utility at time 0 without any reg-
ulatory constraints, and Jg" (Wo) is the indirect utility at time 0 with
m regulatory constraints. The economic benefit is measured by a
reduction in the Expected Shortfall at time 0. The Expected Short-
fall, SFg", is defined as

SFS™ — Eg max(W — Wy, 0).

We assume that k = 1.5%, 7 = 5%, o, = 1.5%, the bond Sharpe Ra-
tio Ap = 5%, M = 10 years, gs = 25%, ps, = 20%, W = 1.05, and the stock
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Fig. 5. This figure compares the optimal portfolio wealth in the two-constraint models at time T/2 with different interest rates. The parameter values are W, = 1.04, x = 0.15,
7 =0.05, o, = 0.015, the bond Sharpe ratio 2p = 0.05, the maturity of the bond fund M =10 years, o5 = 0.25, the stock Sharpe ratio /s =0.25, ps; = 0.2, W=1.05, ro = 2%, 7 = 2,

o =0.025, ggs=0.008 and &gps = 0.017. {, represents Z%‘/’za“.
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Fig. 6. This figure shows the relative portfolio allocation at time T/3 in two-
VaR-constraint model. The parameter values are Wy=1.04, xk=0.15, = 0.05,
o, = 0.015, the bond Sharpe ratio /p=0.05, the maturity of the bond fund
M =10 years, as=0.25, the stock Sharpe ratio /s =0.25, ps, = 0.2, W=1.05, o = 2%,
v =2, 0=0.025, g5 = 0.008 and &gps = 0.017. -

Sharpe ratio s = 25%. These set of parameters are close to those ob-
tained by empirical studies, for example, Chan et al. (1992). In par-
ticular, ps, is chosen to be positive so that the correlation between
interest rate and stock price is negative which is suggested by
Campbell (1987). The short-term interest rate at time 0, ry, is 4%
which is close to the average US 3-month T-Bill rate from 1985 to
2010. For a pension fund, the natural choice of the “floor” W is its
liability. In this paper, we assumed that the value of the pension
fund’s liability is constant over time but it can be easily extended
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Fig. 7. This figure shows the relative portfolio allocation at time T/3 in two-
EDS-constraint model. The parameter values are Wp=1.04, k=0.15, 7= 0.05,
o, = 0.015, the bond Sharpe ratio /Zp=0.05, the maturity of the bond fund
M =10 years, os = 0.25, the stock Sharpe ratio is=0.25, ps,= 0.2, W =1.05, ro = 2%,
v =2, o0=0.025, ges = 0.008 and &gps = 0.017. -

to the case when the liability value is stochastic as long as the lia-
bility value is exogenously determined.

Fig. 9 shows the certainty equivalent loss and the expected
portfolio wealth shortfall of a pension fund with y=2 and
o =2.5%. €gps and €gs are about 0.017 and 0.008 respectively.

We find that the 15 regulatory constraints can significantly re-
duce the portfolio wealth shortfall. It is almost guaranteed that at
the end of the investment horizon the pension fund’s portfolio
wealth will be above W. For example, when the initial portfolio
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Fig. 8. This figure shows the relative portfolio allocation at time T/3 in two-ES-
constraint model. The parameter values are Wyp=1.04, k=0.15, ¥ =0.05, 0, =
0.015, the bond Sharpe ratio /p = 0.05, the maturity of the bond fund M = 10 years,
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Panel A: Certainty Equivalent Loss Under

Fifteen Regulatory Constraints

5.00%
...... VaR
4.00%
EDS
3.00% 4 % ES
ce :
2.00%
1.00%
0.00%
1.01 1.26 1.51 1.76
W,
Panel B: Expected Portfolio Wealth
Shortfall Under Fifteen Regulatory
Constraints
0.40%
...... VaR
EDS
0.30%
ES
0.20% Unconstrained
SF
0.10%

0.00%
1.01 1.26 1.51 1.76

Fig. 9. This figure shows the certainty equivalent loss (Panel A) and the Expected
Shortfall (Panel B) of a pension fund with a 15-year investment horizon. The
parameter values are k = 0.15, 7 = 0.05, g, = 0.015, the bond Sharpe ratio /Zp = 0.05,
the maturity of the bond fund M=10years, os=0.25, the stock Sharpe Ratio
7s=0.25, ps;=0.2, W=1.05, ro = 4%, y =2, o0 = 0.025, &5 =0.008 and &gps = 0.017.

wealth is about 1.01, which corresponds to a funding ratio of about
0.96, the Expected Shortfall is about 0.3% when no regulatory

constraints are imposed. The Expected Shortfall decreases to al-
most O as the regulatory frequency increases. However, the cer-
tainty equivalent loss is about 3.8% when there are 15 VaR
constraints and about 2.5% (2.8%) when there are 15 EDS (ES) con-
straints. It shows that the economic costs of imposing VaR-type
constraints or Expected Shortfall-type constraints are very similar
when these constraints are imposed repeatedly.

5. Conclusions

Value-at-Risk and Expected Shortfall constraints are often
adopted by regulators to limit the portfolio risk of institutional
investors. However, the regulatory horizon is usually much
shorter than the institutional investors’ investment horizon. In
this paper, we compare the optimal portfolio wealth, optimal
portfolio allocation and the overall economic costs when VaR
and Expected Shortfall constraints are imposed repeatedly over
an institutional investor’s investment horizon. We find, e.g., that
a constrained investor, as expected, invests more in the risk-free
asset than unconstrained investors. However, unintendedly, VaR
constraints may under certain market conditions also lead to
gambling behavior in order to be able to meet future regulatory
constraints. When adopting multiple repeated constraints, we
observe that the differences in portfolio allocation and wealth
under VaR-type and Expected Shortfall-type constraints disap-
pears. The theoretical shortcomings of VaR, as not being a
coherent risk measure (see Artzner et al., 1999), may thus be
less severe in a dynamic setting. We also find that the costs
of imposing the constraints, in terms of certainty equivalent
wealth, can be sizeable.
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Appendix A. The optimal portfolio allocation in the single-
constraint model

A.1. The single-VaR-constraint model

The optimal portfolio allocation under a single-VaR constraint is

TrlvaR ¢ y1VaR
| o T
T | = | g XWR |+ (1=0) ] 0, (41)
¢ Y arBy 7 specit b
1VaR x1VaR
TL'pT,r hedge,t
t
where
x1VaR _ dw, ¢

spect — dCt Wty,

1VaR 1 th
hedget — —
edage Wt ]76*’:(Tft) (1 _ 1> th ’

Y

X
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A.2. The single-EDS-constraint model
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